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2 Computer-Aided Diagnosis 
3 computed tomography 
4 magnetic resonance imaging 
5 positron emission tomography 
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6 k-nearest neighbors 
7 multilayer perceptron 
8 contrast limited adaptive histogram equalization 
9 Constrained Variational Histogram Equalization 
10 Fuzzy C-means 
11 genetic algorithm 



 

 

 

 
12 Outline Preservation Based Segmentation 
13 gradient vector flow over manifold 
14 convolutional neural network 
15 dynamic adaptive residual network 
16 Hounsfield Units 
17 Matthews correlation coefficient 
18 volumetric overlap error 
19 relative volume difference 
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20 Fuzzy C-means 
21 an alternative FCM 
22 a Multiple Instance learning 
23 instance optimization 
24 singular value decomposition 
25 particle swarm optimization 
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26 kernel possibilistic fuzzy c-means model 
27 Possibilistic Fuzzy C-Means 
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Start 

Extract features for clustering 

Calculate data differences from two cluster 

heads 
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28 Shape Fuzzy C -Means 



 

 

 

 



 

 

 


